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CHAPTER 1
Is This Book Right for You?
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You picked up this book, which means you’re thinking that something 
about the way you and your organization use data and analytics is not 

“right.” Time and again, the executives, managers, and new hires who make 
up our clients, colleagues, and friends have expressed to us their anxieties 
related to how they and their teams are using data and analytics:

“We have plenty of data, but the actionable insights we get from it are 
few and far between.”

“Our team consistently invests in the latest data tools and platforms 
to ensure we’re collecting and storing all the data we might need, but 
the recommendations we generate from those data never really 
increase in quality or volume.”

“We work with agencies and consultancies that do a lot of reporting 
on the results they’re delivering for us. Those tend to be lengthy pres-
entations with a ton of charts, but I often feel like I’m just having data 
thrown at me that may or may not be representing real business value 
being delivered.”

“I never feel comfortable investing the millions we invest in paid 
media; it’s unclear if we’re actually getting the returns our agencies 
report, or if they just tortured the data until it confessed a positive 
answer.”

“We have talented analytics and data science teams, but it feels like 
we’re talking past each other when I interact with them. I really need 
them to generate insights and recommendations, and they seem frus-
trated when I tell them that that’s not what they’re providing.”

“My data engineers over-promise what their machine learning and 
AI techniques can do for our stakeholders; it tanks our credibility 
when we promise magic but don’t understand the nuts and bolts well 
enough to do it right.”

“My product teams build these exotic proofs-of-concept using the lat-
est and greatest AI tools. But to scale them up is way too expensive, 
and the production engineers tasked with doing so can’t understand 
the opaque mathematical techniques being used.”

“Our technology platform partners sell us licenses to their latest tech-
nology and their latest AI or machine learning, and they share 
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eye-popping stories for how effective they are. But when we dig into 
the pilots, the platforms don’t offer anything more than what we’re 
already doing. I wish I could see through these sales pitches earlier.”

“We have a ton of automated dashboards, and I understand most of 
the data that they include, but I still struggle to figure out how I 
should be using that data to make decisions. Where do I start?”

If any of these quotes feel familiar, then this book is for you. We’ve heard 
these frustrations in every data-related function in nearly every industry, 
ranging from pharmaceuticals to health care, retail, financial services, and 
consumer packaged goods. And we’ve worked with clients in all of these 
industries to shift their approaches. Putting your data to use can be produc-
tive, profitable, and even fun! That’s why we wrote this book: to guide busi-
ness leaders who want to use their data effectively.

THE DIGITAL AGE = THE DATA AGE

A common theme across all of the frustrations we hear from organizations 
about their struggles to effectively and consistently extract meaningful busi-
ness value from their investments in data and analytics is that, well, there’s just 
so much data. Our instincts have long been that more data is better, but the 
shifting of all aspects of our lives from analog to digital over the past three dec-
ades has wrought such an extreme version of “more” that it has left many man-
agers questioning those instincts. The origins of the internet are often traced 
back to the mid-1960s and the creation of ARPANET as a distributed control 
computer network funded by the US Department of Defense. It was not until 
1989, though, that Tim Berners-Lee at CERN conceived of an easier-to-use evo-
lution of what had become “the internet” that would become the “World Wide 
Web.” Within four years, Marc Andreesen, a student at the University of Illinois 
Urbana-Champaign created the Mosaic web browser while working with the 
National Center for Supercomputing Applications (NCSA), and the internet 
was on its way to catching mainstream fire. From the several hundred websites 
that existed by the end of 1993, to the more than 20,000 in 1995, to 17 million 
in 2000,1 the growth of digital content was exponential.

1 Internet Live Stats. (2009). Total number of websites—internet live stats [online]. 
Internetlivestats.com. Available at: h​t​t​p​s​:​/​/​w​w​w​.​i​n​t​e​r​n​e​t​l​i​v​e​s​t​a​t​s​.​c​o​m​/​t​o​t​a​l​-​n​u​m​b​e​r​-​ 
o​f​-​w​e​b​s​i​t​e​s​/​.​

https://www.internetlivestats.com/total-number-of-websites/
https://www.internetlivestats.com/total-number-of-websites/
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Organizations began transitioning every aspect of their businesses to dig-
ital formats. Digital bits and bytes trumped paper on countless fronts: storabil-
ity (a room full of file cabinets was replaced with a thumb drive), searchability 
(leafing through those file cabinets pulling out folder after folder and scan-
ning the pages within those folders was replaced by a rectangle on a computer 
screen into which keywords could be typed), portability (traipsing to the 
library or the records room or a coworker’s office was replaced by launching a 
browser from any device connected to the internet, and seemingly every device 
is connected to the internet). At a macro scale, global life began going through 
an analog-to-digital conversion:

	▪	 Rather than sending a letter, we could send an email.
	▪	 Rather than going to a brick-and-mortar establishment to buy a book, or 

leafing through a publisher’s quarterly catalog, we could search for one 
online and order it immediately.

	▪	 Rather than receiving a book in the mail, we could read it instantaneously 
in a digital format.

	▪	 Rather than advertising on billboards, in magazines and newspapers, or 
with direct mail, we could advertise on the personalized screens that con-
sumers were spending more and more time looking at, by running ads on 
websites and search engines.

	▪	 Rather than staffing a customer service representative to help prospects 
find what they need, we could use data science to offer our customers 
personalized recommendations in real time.

As early as 1994, BusinessWeek reported, “Companies are collecting 
mountains of information about you, crunching it to predict how likely you 
are to buy a product, and using that knowledge to craft a marketing mes-
sage precisely calibrated to get you to do so […] Many companies were too 
overwhelmed by the sheer quantity of data to do anything useful with the 
information […] Still, many companies believe they have no choice but to 
brave the database-marketing frontier.”2 The digital data revolution was in 
full swing.

For companies, perhaps the most exciting aspect of this pervasive 
transformation to a digital-first world was the increased scale and fidelity 
of the data that could be collected along the way. Ask a retailer how their 
customers walk through one of their physical stores, and they would have 
to hire a set of observers to position themselves in the store and take 

2 Berry, J. (1994, Sept. 4). Database marketing. BusinessWeek.
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copious notes. And they would only have data for the periods when those 
observers were on site.  And  they would run the risk of affecting their cus-
tomers’ behavior in the process, the so-called “observer effect.” Ask a 
retailer how their customers navigate their  website , though, and they are 
just a few clicks away from being able to pull up a report in a digital analyt-
ics platform like Google Analytics. 

    Expectations were high. With  all of this data , it seemed obvious that 
amazing things were possible ! And amazing things  can  be done with data. 
But over the last 25 years, businesses have slid into what Matt Gershoff, the 
chief executive officer of Conductrics, refers to as a “big table mentality.” 
They have begun the never-ending and ever-increasing pursuit of gathering 
“all” the data—striving to clean, store, integrate, and maintain all of the 
data has become a goal in and of itself. “We can predict, discover, and engi-
neer  anything , if only we can observe  everything ,” the philosophy suggests. 
“We’re going to be truly scientific with all of this data” is the  idea , but a 
misunderstanding of scientific principles and their application leads to   
ineffective and frustrating results rather than the “actionable truths” that 
we expected. 


