
Lecture Notes in Mechanical Engineering

Francisco J. G. Silva
António B. Pereira
Raul D. S. G. Campilho   Editors

Flexible Automation 
and Intelligent 
Manufacturing: 
Establishing Bridges 
for More Sustainable 
Manufacturing Systems
Proceedings of FAIM 2023, 
June 18–22, 2023, Porto, Portugal, 
Volume 1: Modern Manufacturing



Lecture Notes in Mechanical Engineering

Series Editors
Fakher Chaari, National School of Engineers, University of Sfax, Sfax, Tunisia
Francesco Gherardini , Dipartimento di Ingegneria “Enzo Ferrari”, Università di
Modena e Reggio Emilia, Modena, Italy
Vitalii Ivanov, Department of Manufacturing Engineering, Machines and Tools,
Sumy State University, Sumy, Ukraine
Mohamed Haddar, National School of Engineers of Sfax (ENIS), Sfax, Tunisia

Editorial Board Members
Francisco Cavas-Martínez , Departamento de Estructuras, Construcción y Expresión
Gráfica Universidad Politécnica de Cartagena, Cartagena, Murcia, Spain
Francesca di Mare, Institute of Energy Technology, Ruhr-Universität Bochum,
Bochum, Nordrhein-Westfalen, Germany
Young W. Kwon, Department of Manufacturing Engineering and Aerospace
Engineering, Graduate School of Engineering and Applied Science, Monterey, CA,
USA
Justyna Trojanowska, Poznan University of Technology, Poznan, Poland
Jinyang Xu, School of Mechanical Engineering, Shanghai Jiao Tong University,
Shanghai, China

https://orcid.org/0000-0002-9275-4314
https://orcid.org/0000-0002-8391-0688


Lecture Notes inMechanical Engineering (LNME) publishes the latest developments
inMechanical Engineering—quickly, informally andwith high quality.Original research
reported in proceedings and post-proceedings represents the core of LNME. Volumes
published in LNME embrace all aspects, subfields and new challenges of mechanical
engineering.

To submit a proposal or request further information, please contact the Springer Editor
of your location:

Europe, USA, Africa: Leontina Di Cecco at Leontina.dicecco@springer.com
China: Ella Zhang at ella.zhang@springer.com
India: Priya Vyas at priya.vyas@springer.com
Rest of Asia, Australia, New Zealand: Swati Meherishi
at swati.meherishi@springer.com

Topics in the series include:

• Engineering Design
• Machinery and Machine Elements
• Mechanical Structures and Stress Analysis
• Automotive Engineering
• Engine Technology
• Aerospace Technology and Astronautics
• Nanotechnology and Microengineering
• Control, Robotics, Mechatronics
• MEMS
• Theoretical and Applied Mechanics
• Dynamical Systems, Control
• Fluid Mechanics
• Engineering Thermodynamics, Heat and Mass Transfer
• Manufacturing
• Precision Engineering, Instrumentation, Measurement
• Materials Engineering
• Tribology and Surface Technology

Indexed by SCOPUS, EI Compendex, and INSPEC

All books published in the series are evaluated by Web of Science for the Conference
Proceedings Citation Index (CPCI)

To submit a proposal for a monograph, please check our Springer Tracts in Mechanical
Engineering at https://link.springer.com/bookseries/11693

mailto:Leontina.dicecco@springer.com
mailto:ella.zhang@springer.com
mailto:priya.vyas@springer.com
mailto:swati.meherishi@springer.com
https://link.springer.com/bookseries/11693


Francisco J. G. Silva · António B. Pereira ·
Raul D. S. G. Campilho
Editors

Flexible Automation
and Intelligent Manufacturing:
Establishing Bridges for More
Sustainable Manufacturing
Systems
Proceedings of FAIM 2023, June 18–22, 2023,
Porto, Portugal, Volume 1: Modern
Manufacturing



Editors
Francisco J. G. Silva
Department of Mechanical Engineering
ISEP – School of Engineering, Polytechnic
of Porto
Porto, Portugal

Raul D. S. G. Campilho
Department of Mechanical Engineering
ISEP – School of Engineering, Polytechnic
of Porto
Porto, Portugal

António B. Pereira
TEMA - Centre for Mechanical Technology
and Automation, Department of Mechanical
Engineering
University of Aveiro
Aveiro, Portugal

ISSN 2195-4356 ISSN 2195-4364 (electronic)
Lecture Notes in Mechanical Engineering
ISBN 978-3-031-38240-6 ISBN 978-3-031-38241-3 (eBook)
https://doi.org/10.1007/978-3-031-38241-3

© The Editor(s) (if applicable) and The Author(s), under exclusive license
to Springer Nature Switzerland AG 2024

This work is subject to copyright. All rights are solely and exclusively licensed by the Publisher, whether
the whole or part of the material is concerned, specifically the rights of translation, reprinting, reuse of
illustrations, recitation, broadcasting, reproductiononmicrofilmsor in anyother physicalway, and transmission
or information storage and retrieval, electronic adaptation, computer software, or by similar or dissimilar
methodology now known or hereafter developed.
The use of general descriptive names, registered names, trademarks, service marks, etc. in this publication
does not imply, even in the absence of a specific statement, that such names are exempt from the relevant
protective laws and regulations and therefore free for general use.
The publisher, the authors, and the editors are safe to assume that the advice and information in this book
are believed to be true and accurate at the date of publication. Neither the publisher nor the authors or the
editors give a warranty, expressed or implied, with respect to the material contained herein or for any errors
or omissions that may have been made. The publisher remains neutral with regard to jurisdictional claims in
published maps and institutional affiliations.

This Springer imprint is published by the registered company Springer Nature Switzerland AG
The registered company address is: Gewerbestrasse 11, 6330 Cham, Switzerland

https://orcid.org/0000-0001-8570-4362
https://orcid.org/0000-0003-4167-4434
https://orcid.org/0000-0001-8342-5116
https://doi.org/10.1007/978-3-031-38241-3


Preface

This volume of LectureNotes inMechanical Engineering (LNME) is one of two volumes
including papers selected from the 32nd International Conference on Flexible Automa-
tion and Intelligent Manufacturing (FAIM 2023), held in Porto, Portugal, from June 18
to 22, 2023. The FAIM 2023 conference was organized by the School of Engineering,
Polytechnic of Porto, located in Porto, Portugal.

Flexible Automation and Intelligent Manufacturing (FAIM) is a renowned inter-
national forum for academia and industry to disseminate novel research, theories, and
practices relevant to automation andmanufacturing. For over 30 years, the FAIM confer-
ence has provided a strong and continuous presence in the international manufacturing
scene, addressing both technology and management aspects via scientific conference
sessions, workshops, tutorials, and industry tours. Since 1991, FAIM has been hosted in
prestigious universities on both sides of the Atlantic and, in recent years, in Asia. The
conference attracts hundreds of global leaders in automation andmanufacturing research
whoattendprogramsessionswhere rigorously peer-reviewedpapers are presentedduring
themultiple-day conference. The conference links researchers and industry practitioners
in a continuous effort to bridge the gap between research and implementation.

FAIM 2023 received more than 400 contributions from over 40 countries and over
220 institutions around the world. After a two-stage double-blind review, the technical
program committee accepted 263 papers. From these, 242 papers have been included
in two LNME volumes, and 21 extended papers are published as fast-track articles
in Robotics and Computer-Integrated Manufacturing and The International Journal
of Advanced Manufacturing Technology. A selection of these LNME articles will be
invited to submit substantially extended versions to special issues in ten international
indexed journals, such as the International Journal of Computer Integrated Manufac-
turing, Journal of Mechanical Engineering Science, Journal of Testing and Evaluation,
Sustainability journal, Machines journal, Metals journal, Actuators journal, Systems
journal, FME Transactions journal, and Technological Sustainability journal. We are
grateful to the authors for their contributions and would like to acknowledge the FAIM
steering committee, advisory board committee, honorary chairs, the scientific commit-
tee members, and manuscript reviewers for their significant efforts, continuous support,
sharing their expertise, and conducting manuscript reviews. Manuscript reviewers came
from various locations around the world, performing 1339 reviews in total. With such
effort and toughness, the high standards of the papers included in the FAIM program
have been kept.

Special thanks to FAIM2023’s invited speakers: JijuAntony (Professor, Khalifa Uni-
versity, Abu Dhabi, UAE), Daryl Powell (Chief Scientist at SINTEF, Norway), Marcello
Pellicciari (Professor, Director of the PhD School “E4E-Engineering for Economics,
Economics for Engineering”, University of Modena and Reggio Emilia, Modena, Italy),
Rodrigo Martins (Professor, Nova School of Science and Technology, Lisboa, Portugal),
Alcibíades Guedes (Professor at Faculty of Engineering, University of Porto, President
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of the Board & CEO at INEGI, Porto, Portugal), and Pedro Carreira (CEO at Continental
Mabor, Lousado, Portugal).

The book Flexible Automation and Intelligent Manufacturing: Establishing Bridges
for More Sustainable Manufacturing Systems—Proceedings of FAIM 2023 has been
organized in two LNME volumes. Volume 1 is mainly devoted to Mechanical Engineer-
ing, Robotics, Automation, Manufacturing Processes and Materials Processing, while
Volume 2 ismainly focused on IndustrialManagement, Digital Transformation, Industry
4.0/5.0, Human Factors, Logistics, Sustainability, and related matters. In both volumes,
the papers have been organized by topics, providing to the reader an excellent set of
papers regarding each topic.

We appreciate the partnership with Springer, ConfTool, and our sponsors for their
fantastic support during the preparation of FAIM 2023. Thank you very much to the
FAIM 2023 organizing team, whose hard work was crucial to the success of the FAIM
2023 conference.

May 2023 Francisco J. G. Silva
António Bastos Pereira
Raul D. S. G. Campilho
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A Value-Oriented Framework for Return Evaluation of Industry 4.0 Projects . . . 871
Alexander Dutra Tostes and Américo Azevedo

Digital Factory for Product Customization: A Proposal for a Decentralized
Production System . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 879

Hélio Castro, Fernando Câmara, Eduardo Câmara, and Paulo Ávila



Contents xxiii

Management

Online Hazard Detection in Reconfigurable Plug & Produce Systems . . . . . . . . . 889
Bassam Massouh, Fredrik Danielsson, Sudha Ramasamy,
Mahmood Khabbazi, and Xiaoxiao Zhang

Sustainable Transport: A Systematic Literature Review . . . . . . . . . . . . . . . . . . . . . 898
João Reis, Joana Costa, Pedro Marques, Francisco Silva Pinto,
and Ricardo J. G. Mateus

Framework Proposition for the Implementation of Task Shifting Practice:
A Case Study in the Healthcare Sector . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 909

Federica Costa, Najla Alemsan, Alberto Portioli Staudacher,
and Guilherme Luz Tortorella

Lean, Kaizen, Quality and Productivity

A Review of Value Stream Mapping (VSM) for Viable Business Process
Management Among Agro-Allied Companies During the 4IR . . . . . . . . . . . . . . . . 919

Makinde Oluwafemi Ajayi and Opeyeolu Timothy Laseinde

Outsourcing Optimization in Footwear Industry: The Case of a Portuguese
Company . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 929

Eliana Costa e Silva, Raquel Francisco, Sandra P. Sousa,
and Vítor Braga

Author Index . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . . 939



Automation and Robotics



VR Driven Unsupervised Classification
for Context Aware Human Robot Collaboration

Ali Kamali Mohammadzadeh1 , Carlton Leroy Allen2 , and Sara Masoud1(B)

1 Wayne State University, Detroit, MI 48201, USA
saramasoud@wayne.edu

2 Bowling Green State University, Bowling Green, OH 43403, USA

Abstract. Human behavior, despite its complexity, follows structured principles
that, if understood, will result in more reliable and effective collaborative automa-
tion environments. Characterizing human behavior in collaborative automation
systems based on understanding the underlying context allows for novel advances
in robotic human behavior sensing, processing, and predicting. Here, virtual real-
ity, through integration of HTC Vive Arena Pro Eye Bundle, Leap Motion, and
Unity 3D game engine, is used for safe and secure data collection on humans’
movements and body language in human robot collaborative environments. This
paper proposes an unsupervised classification framework through integration of
dynamic time warping and k-means clustering algorithm to enable robotics agents
to understand humans’ intentions based on their body movements. Results display
that the proposed framework is capable of identifying underlying intentions with
an average accuracy, recall, and precision of 85%, 73%, and 75%, respectively.

Keywords: Human Robot Interaction · Virtual Reality · Unsupervised
Classification

1 Introduction

Human-robot interaction (HRI) is a diverse field of research with huge economic impact.
The collaborative robots is estimated to reach over $1.43 billion by 2027, having a sig-
nificant impact on the Gross Domestic Product (GDP) of various economies [1]. HRI
is already used in manufacturing environments, space applications, rescue robotics, and
more [2–4] Human–robot interaction is defined as “the process of conveying human
intentions and interpreting task descriptions into a sequence of robot motions comply-
ing with robot capabilities and working requirements” [5]. In manufacturing, industrial
robots, equipped with different sensors, can be adapted to do many different industrial
tasks [6]. HRI in manufacturing faces challenges such as ensuring safety and efficiency.
To address these challenges, it is critical for robots understand humans’ intentions and
the underlying context [7].

As demonstrated inFig. 1,HRI canbe classified into the following three classes: First,
Human–Robot Coexistence, which is defined as the capability of sharing the workspace
between humans and robots without requiring mutual contact or coordination of actions
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and intentions [8]. Second, Human–robot cooperation, inwhich humans and robots work
on the same goal and occupy the same time and space, simultaneously. The coopera-
tion requires advanced technologies and techniques for collision detection and collision
avoidance [9]. Third, Human–robot collaboration, performing complex tasks with direct
human interactions, where explicit contact between human and robot exists [6].

Fig. 1. The three forms of human-robot interaction [7].

Humans and robots collaborating is on a commonobjective form a teamwith comple-
mentary skills, in which an agreed-upon strategy is necessary for effective collaboration
amongst all parties. Also, humans and robots need to be aware of the intents of the other
teammembers. Based onwhich, a robot can design its own behaviors that will ultimately
result in the achievement of the shared objective through perceiving and understanding
the surroundings as well as making decisions and plan ahead [10].

The goal of this study is to create a virtual platform that enables safe yet realis-
tic context-aware human-robot collaboration. To this end, this study develops a Virtual
Reality (VR) platform for safe data collection, while proposes an unsupervised classi-
fication framework through integration of dynamic time warping (DTW) and k-means
algorithm for intent prediction. This enables robotics agents to predict and understand
human intents from their physical cues. In the remainder of the paper, Sect. 2 reviews
the literature of the topic. Section 3 provides the methodology of the research. Results
and discussion are provided in Sect. 4 and, Sect. 5 concludes the paper.

2 Literature Review

The literature of human intention recognition (classification) is diverse and has caught
the attention of researchers from both industry and academia [11]. Intention recogni-
tion is also known as activity recognition, plan recognition, goal recognition, behavior
recognition. In this work, we define intention recognition as the process of determining
what an observed agent intends to do in the immediate future [12]. Recognizing the
goal of the observed agent is an important aspect in human-robot interaction, as this
understanding enables effective interaction and also proactive behavior modification in
order to prevent accidents or resolve issues that may arise.
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Human intention/activity recognition based on images or videos has received plenty
of attention recently in the field of computer vision. The occlusion problem, however,
reduces the accuracy of visual-based recognitions [13]. Wearable devices, on the other
hand, immediately sense human body movements, providing real-time information on
the body status. Additionally, a variety of low-cost wearable gadgets are available on
the market and are frequently employed in intention recognition [14].

Among the studies that addressed the problem of human intention recognition,
Stiefmeire et al. [15] utilized ultrasonic sensors for worker activity recognition using a
Hidden Markov Model. In their following study, the authors proposed a string-matching
based classification approach using multiple sensors for recognizing worker activities
in a manufacturing setting [16]. Koskimaki et al. classified five activities for industrial
assembly lines using a wrist-worn Inertial Measurement Unit (IMU) sensor and a K-
Nearest Neighbor model [17]. Using inputs from a smartwatch combined with an IMU
sensor, Maekawa et al. [18] proposed an unsupervised approach for lead time estimation
of manufacturing activities.

Zhu et al. [19] addressed human intention recognition by designing a hiddenMarkov
based recognition algorithm to classify hand gestures using an inertial sensor worn
on finger of the subject. Zhu et al. tacked motion intention recognition using an iner-
tial sensor and a deep convolution neural network (CNN) to extract discriminant fea-
tures from temporal gait period [20]. Sun et al. used muscle electrical signals and joint
angle signals as motion data and utilized K-Nearest Neighbor algorithm to identify four
gait motion modes including walking naturally, climbing stairs, descending stairs, and
crossing obstacles [21].

Wen and Wang [22] proposed an intention recognition algorithm based on multi-
modal spatiotemporal feature fusion using the data collected by multimodal sensors.
Masoud et al. [23] proposed a task recognition framework to identify undergoing tasks
in pseudo real-time using a pair of data glove for grafting operations. This study offers a
distinct contribution to the existing body of knowledge and provides a fresh and unique
approach to the study of human-robot interaction by integrating the advantages of a
virtual immersive platform and an unsupervised classification for context aware HRI.

3 Methodology

As displayed in Fig. 2, our proposed framework for intention classification consists of
two main phases: First, creating an immersive virtual platform, which is used for safe
data collection and second, unsupervised classification usingK-means and dynamic time
warping. In data acquisition and processing phase, we develop an interactive physics-
based model via Unity 3D game engine. The developed model is integrated with HTC-
Vive room scale pro eye arena bundle and leap motion controller to create the immersive
virtual platform for data collection. The data collected through this immersive platform
(Unity) is then cleaned and processed using open source python libraries. In the training
and intention classification phase, the processed data is used to train our unsupervised
intention classification model.
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Fig. 2. Our proposed intention classification framework.

3.1 Immersive Virtual Reality Platform

To build the immersive platform, HTC-Vive pro eye arena bundle is used to model the
immersive environment while Leap Motion controller replaces the typical controllers to
enable users interact with the virtual environment using their hands. Leap motion con-
troller captures the hands’ gestures and movements using optical hand tracking sensors
with high accuracy. Leap Motion controller can be mounted on the HTC VIVE head
mounted display and connects communicate with the system via a USB cable. HTC
VIVE also connects to the computation unit (Dell XPS 15 7590) via HDMI cables. HTC
VIVE connects to Unity through VIVE port API package, while Leap Motion relies
on its own package, UltraLeap plugin. Unity platform allows us to create a safe real-
istic physics-based manufacturing shop floor, where users can interact with equipment
(Fig. 3).

Fig. 3. a. The VR model, developed via Unity 3D game engine, b. The experimental setup for
data collection.

Our dataset of activities is established based on the literature of the topic and the
available datasets (e.g., UCI, WISDM, GAMI) including activities such as standing idle
(ST), walking (WA), bending (BE), and sitting (SI). Then, subjects are recruited and
asked to stand in the middle of a designated zone, wear the immersive technology, and
perform the assigned activity in a natural way. The data are collected during performing
the tasks by the subjects at a frequency of 0.2 s. Next, the collected observations are
imputed, normalized, and outliers are dropped.
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3.2 Unsupervised Classification

The proposed unsupervised classification integrates k-means clustering and dynamic
time warping. K-means algorithm is selected due to its scalability, guarantee of conver-
gence, and ease of generalization. To the best of our knowledge, this is the first time this
proposed integration is used in intention recognition literature.

K-means Algorithm
K-means algorithm addresses the problem of clustering m elements (with n features)
into k groups using the method of the lowest cost function (J), as shown in (1), which
is usually the sum of each element’s n-dimensional Euclidean distance to their closest
group centroids. The constituents of the jth group are m(j). The n-dimensional feature
values of each element inside a group determine the centroids. The K-means algorithm
recalculates the group centroids, updates the cost function, and assigns all other elements
to the closest group. K-means repeatedly performs these tasks until achieving the lowest
cost function [24].

J (C) =
k∑

j=1

m(j)∑

i=1

x(j)i − C2
j (1)

where X = {x1, x2,…, xm} and C = {c1, c2, …, ck} are the set of elements and centroids.
Typically, Euclidean distance is the foundation of classification (or clustering). However,
such a simplistic measure is not applicable to the observations that vary in size. As
Euclidean distance is susceptible to even the slightest deviations in the size of comparing
entities (time axis in case of time series), DTW replaces Euclidean distance in this study.

Dynamic Time Warping
Introduced by Berndt and Clifford [25], DTW provides a one-to-many match rather than
being restricted to one-to-one matches. Given two members with f and d lengths, ui (i
= 1, 2, 3, …, f) and vj (j = 1, 2, 3, …, d), a matrix Si,j is calculated as follows [25]:

Si,0 = S0,j = 0 (2)

S1,1 = (u1 − v1)
2 (3)

Si,j = min
(
Si−1,j, Si,j−1, Si−1,j−1

) + (
ui − vj

)2 (4)

where the DTW distance is the minimum value of the sums of (ui –vj)2, calculated along
several paths. The path that minimizes this sum is typically a warped curve. Dynamic
time warping is a well stablished measure of difference between the sequences that vary
in length. The observations collected in this study also have different lengths depending
on the activities and how they are performed by the subjects.

Here, we start by collecting historical data and labeling the historical time series with
the gestures generating them. Then, for any incoming time series read by the sensors,
DTW takes place to collect time series of similar shapes. Finally, cluster centroids will
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be computed (or recomputed) with respect to reported DTW. Here the cluster centroid
averages a subset from a set of time series within the measured DTW space. As a result,
instead of a point, each centroid is a time series taking the average shape of the time series
assigned to the cluster. The proposed framework label new time series byminimizing the
DTW distance measures among the time series within clusters and their corresponding
centroids.

4 Results and Discussion

In this study, 5 participants performed the assigned activities multiple times and 72216
data points were collected. During data pre-processing, 27966 data points were dis-
carded. The remaining data points formed 125 observations, where each observation
contains 16 features and variable number of time stamps (e.g., varying from 39 to 354).
The features include headset forward vector (x, y, z), headset position (x, y, z), headset
rotation (x, y, z), headset velocity (x, y, z), headset angular velocity (x, y, z), and times-
tamp. The processed observations are divided into train and test sets according to an
80/20 ratio. Four commonly used metrics, namely accuracy, precision, recall, and F-1
score, (5) to (8), are selected to evaluate the performance of our proposed unsupervised
classification algorithm.

Accuracy = TrueNegative + TruePositive

TrueNagative + TruePositive + FalsePositive + FalseNagative
(5)

Precision = TruePositive

TruePositive + FalsePositive
(6)

Recall = TruePositive

TruePositive + FalseNegative
(7)

F − 1Score = 2 × Percision ∗ Recall

Percision + Recall
(8)

Although accuracyquantifies the ratio of correctly identified classes (intentions here),
it cannot handle the imbalanced datasets. As a result, metrics such as precision, recall,
and F-1 score are calculated to report the performance of our proposed model given our
imbalanced dataset. While recall sheds light on the ratio of the relevant observations
correctly classified by our trained models, precision represents the ratio of relevant
observations. F-1 score, as the harmonic mean of recall and precision, combines these
performance metrics into a single one. Relying on these metrics, we compared the
performance of our proposed unsupervised classifier against the traditional k-means as
displayed in Fig. 4.

As displayed in Fig. 4, our proposed model outperforms traditional k-means in
accuracy, precision, recall, and F-1 score, by 39% (i.e., 85%-46%), 42% (i.e., 75%-
33%), 27% (i.e., 73%-46%), and 36% (i.e., 74%-38%) over the test set, respectively.
Justifying the performance gap between the proposed method and traditional k-means
can be attributed to superiority ofDTWon comparing time series and traditional k-means
weakness in handling high dimensional data.


