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Preface 

Why Did I Write This Book? 

While advising various Fortune 500 companies across the globe on their data and 
analytics strategy, I have often searched for a good book or a toolkit that I could 
share with my client executives. Even while coaching consultants in my practice 
team or mentoring B-school/engineering college students, who want to build career 
in data and analytics, I wanted to refer them to a book that could make them 
understand the real-world challenges in data and analytics and could guide them 
on practical approaches to wade through those challenges. 

However, I could not find any book in the market that I could endorse. I did find 
many good books on specific topics of data and analytics, such as on technology 
and architecture, on artificial intelligence/machine learning techniques, on data 
governance, and so on. However, I could not find any book that could guide an 
enterprise or a data and analytics leader on a practical approach to define data 
and analytics strategy. I wrote this book to address this white space. I believe 
the book will serve as a good reference to senior executives of large enterprises, 
data and analytics leaders (Chief Data Officer, Chief Analytics Officer, Chief Data 
and Analytics Officer, Vice President—Data and Analytics, Director—Data and 
Analytics, or any other role that the leader is referred to by), B-school students, 
and engineering college students specializing in data and analytics. 

How Did I Write This Book? 

Over the last three decades of professional experience, I have been lucky to have 
interacted with business leaders of hundreds of large and complex enterprises. This 
helped me get deep insight into their decision-making process, analytical needs, 
and challenges faced. I have been advising many of these leaders on their data 
and analytics strategy. I have seen many data and analytics initiatives fail even 
though many enterprises went for best-in-class technologies and hired a highly 
qualified team to run the program. The success rate of data and analytics programs 
is estimated to be less than 50%. Because of the failure of majority of data and 
analytics initiatives, concerns are often raised around return on investment (ROI)
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from data and analytics program. I wrote this book purely based on my experience, 
deriving learnings from both successes and failures of enterprises in defining and 
implementing data and analytics strategy.
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1What Is Data and Analytics Strategy 

Key Elements That Should be Part of the Strategy 

1.1 Data and Analytics Strategy and Its Criticality to Drive 
Enterprise Digital Initiatives 

Most enterprises today have either embarked on various digital initiatives or are 
planning to invest heavily in digital technologies to gain competitive advantage. 
Data forms the core of any digital initiative. Whether an enterprise aspires to 
improve customer experience, launch new products, improve productivity, or man-
age risks better, having the right data at the right time and in a usable form is an 
important first step towards achieving its digital aspiration. 

An enterprise must also apply analytics on the data to get insights that would 
help it in executing relevant digital initiatives. For example, if the aspiration of 
an enterprise is to improve customer experience, it must collect and connect all 
the relevant data of the customer—their past buying pattern, their preferences, 
their demographic profile, their changing needs, and so on. This interconnected 
data and the insights derived from it would help the enterprise in coming up with 
customized plan (i.e. plan for each individual customer) for improving customer 
experience. Same applies to any other digital aspiration of an enterprise. Since 
data and analytics form the core of digital strategy, failure of data and analytics 
initiative also leads to the failure of other digital initiatives of an enterprise. 

Despite being so critical, the ground reality is that the success rate of data and 
analytics initiatives in enterprises is very low. Various analysts have come up with 
different estimates of success rates. While there are some differences in their actual 
percentages, all the estimates are consistent in the fact that more than 50% of data 
and analytics initiatives fail to achieve the business objectives that were expected 
from them. 

In my experience, most data and analytics initiatives fail largely due to organi-
zational complexities, both political and structural, rather than due to technology 
or people capabilities. I have discussed these challenges in this book along with 
recommendations on how to wade through these complexities. To avoid failure as
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well as to derive maximum benefit from data and analytics investments, I strongly 
recommend that an enterprise should define data and analytics strategy upfront, 
before embarking on other digital initiatives. 

When attempting to define data and analytics strategy, most enterprises struggle 
to define a strategy that is:

• Aligned with its business strategy.
• Capable of taking care of business dynamics, be it something as simple 

as changing product/service portfolio or something more complex such as 
changing business model or mergers and acquisitions.

• Flexible to adapt to a dynamic and fast changing technology ecosystem in data 
and analytics space.

• Practical in defining data and analytics organization model and structure, that 
can work with a complex business organization structure spanning across func-
tions, business units, and geographies (which is typical for most large and global 
enterprises).

• Comprehensive to take care of both global and local business needs.
• Agile to deliver quick business value and drive innovation.
• Secure to enable borderless flow of information and avoid data espionage. 

In this book, I have come up with a prescriptive guidance on how enterprises 
can define a holistic data and analytics strategy that can help them become more 
data-driven and gain competitive advantage. 

1.2 Data and Analytics Strategy: A Case in Point 

Let me share an interesting experience from a large multinational corporation. 

I had a meeting with the global head of data and analytics of the company. In the meeting, 
he wanted to share his newly formulated data and analytics strategy and seek my sugges-
tions. He started the discussion by mentioning that he and his team had spent six months in 
coming up with a strategy and roadmap that would provide immense value to his enterprise. 
He then went on to share an overview of technology/tools that existed in the enterprise, 
and a detailed plan on how the technologies could be rationalized to have minimal and 
standardized technology footprint. 

He mentioned that because of the large number of data and analytics technologies present in 
various functions, business units and geographies, they had to incur a huge cost in licenses 
and maintenance. Hence, he wanted to standardize technologies so that this cost could come 
down. He presented a three-year roadmap that consisted of multiple technology projects to 
standardize the technologies. In the roadmap, there were a few basic business projects as 
well, such as sales reporting, order and order backlog analysis, and others. 

When he finished sharing his strategy, I was disappointed. My concern was that, in his 
entire plan, there was no business project that was focused on building any major business
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capability for the enterprise. Further, even his initiative to reduce cost by standardizing tech-
nologies had very low chance of success. The reason for this was that business stakeholders, 
who were used to working with certain technologies for years, would not agree to learn and 
start using new technologies unless they would see any additional value or business capa-
bilities that these new technologies would give to them. And, if they refused to adopt the 
new technologies, the data and analytics head would end up with maintaining both the old 
and new technologies. That would increase the overall technology cost, instead of bringing 
it down. 

I had few other concerns as well on the strategy that the data and analytics head shared. 
These concerns are related more to what the strategy did not cover. I am summarizing these 
concerns below.

• The strategy did not talk about the business challenges that the enterprise faced or the 
market opportunities that the enterprise would like to capitalize on, and how data and 
analytics could help in the same.

• The strategy did not talk about how data and analytics team would be built with multi-
disciplinary competencies covering technology and business knowledge.

• The strategy did not include a plan for establishing data governance and other key 
processes, which are critical for an enterprise to be successful in data and analytics.

• The strategy did not cover plan for organizational change management, which is one 
of the most important factors that determines success or failure of a data and analytics 
program.

• And finally, the strategy did not cover how business value delivered by data and analyt-
ics would be measured and how continuous improvement of data and analytics program 
would be ensured. 

I did share my concerns and suggestions in as diplomatic manner as was possible. How-
ever, I felt that he was still keen to pursue his technology rationalization and standardization 
agenda first and worry about other aspects later. I could sense that he was more comfortable 
to deal with technology, while the other aspects of strategy that I talked about were not in 
his comfort zone. 

The experience that I described above is not unique. I have had similar experi-
ences with many other data and analytics leaders, who prefer to pursue a purely 
technology-focused strategy. Even within that narrow focus, many of them try to 
remain in the comfort zone of a select few technologies that they are conversant 
with and are reluctant to try out other technologies. In the field of data and ana-
lytics, technology innovation is happening at an exponential rate. It is, therefore, 
important for all data and analytics professionals to keep abreast of new develop-
ments in technology and try out proofs of concept for solving complex business 
problems using new technologies.


